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Abstract:

Background: Meta-analysis is a statistical technique to combine and summarize prior quantitative studies to assess
the impact of a specific subject or intervention. Synthesis analysis, which is derived from meta-analysis, extends
meta-analysis by estimating the multivariable relationship between predictors and outcomes.

Objective: This study aims to conduct a comprehensive scoping review to identify and map the extent of available
research on methodological and applied synthesis analysis across different statistical responses.

Methods: Eligible studies, such as peer-reviewed articles published in English between 2000 and 2025 that
presented methodological innovations and applied examples relevant to a range of statistical outcomes, were
included. Systematic searches were conducted in major databases, e.g., PubMed, Google Scholar, and Scopus.
Studies lacking sufficient methodological detail or focusing primarily on non-statistical model analysis were excluded.

Results: A total of 248 studies were identified. Among these, 10 studies met the inclusion criteria.

Discussion: Synthesis analysis has advanced from simple univariable methods to advanced multivariable frameworks
capable of handling incomplete, heterogeneous, and summary-only data. While these approaches improved estimation
accuracy and enhanced clinical risk models, their application remains limited to mostly continuous and binary
outcomes. A major gap is the absence of synthesis methods for time-to-event data, which is critical for survival
analysis and clinical decision-making.

Conclusion: Synthesis analysis is a promising tool for integrating incomplete data, but current methods lack support
for survival and complex outcomes. Future research should prioritize these extensions for broader clinical and public
health impact.

Keywords: Synthesis analysis, Meta-analysis, Prediction model, Multivariate model, Statistical outcomes, Disease
prediction models, Infectious disease.
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1. INTRODUCTION

Meta-analysis or “analysis of analyses” [1, 2] refers to
results obtained by combining and analyzing data from
different studies conducted on similar research topics [3].
In statistical terms, meta-analysis is defined as a technique
for amalgamating, summarizing, and reviewing previous
quantitative research [4]. The primary objective of meta-
analysis is to increase statistical inference and provide
more precise estimates of effect size by pooling data from
multiple smaller studies [5]. Additionally, meta-analysis
typically leads to narrower confidence intervals and more
stable effect estimates, reflecting stronger evidence than
any single study can provide [6]. However, meta-analytical
methods rely on sufficient, consistent data across
individual studies [7]. Missing or partial reporting, such as
lack of correlations or variances, limits the ability to
include such studies in quantitative synthesis [8, 9].
Without sufficient overlap in reported outcomes,
combining results statistically becomes inconsistent or
biased [10, 11].

To address this problem, Samsa et al. proposed a
multivariate meta-analytic modeling method called
“synthesis analysis,” which refers to the challenge of
integrating information from studies that lack complete
multivariate data [12]. They used the term synthesis for
their new statistical method even though the general idea
of “synthesis in research” is understood as the integration
and interpretation of multiple pieces of evidence to
produce a new, coherent understanding [13]. In statistics,
synthesis analysis is a methodology that constructs a
multivariate regression model by integrating univariate
regression coefficients and pairwise correlations from
multiple independent studies or data sources [4]. This
method is particularly useful in settings where individual
studies are incomplete, reporting only subsets of pre-
dictors or univariate associations. It enables researchers
to estimate comprehensive multivariate relationships
when no single dataset contains all predictors of interest
together with the outcome variable [12].

Over the years, research on synthesis analysis has
been scattered across methodological and applied
domains. In 2005, the pioneering work on synthesis
analysis described a methodological innovation which used
widely reported univariate estimates and correlations for
continuous outcomes [12]. The newly emerged synthesis
method was extended in 2009, improving the method by
eliminating the normality assumption, reducing bias, and
allowing for variance estimation [4]. Soon after, synthesis
analysis appeared in genetic studies [14], followed by a
methodological framework for binary outcomes, building
logistic regression prediction models [15, 16]. All these
methods created theoretical frameworks for various
statistical outcomes, including simulation-based studies
and related examples. The applied approach of synthesis
analysis showed the development of multivariate disease
prediction models in scenarios where a comprehensive
dataset containing both disease outcomes and all relevant
predictors of interest is not available [18].
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For example, the Framingham Coronary Heart Disease
(CHD) model is widely recognized as a comprehensive
tool, but it does not include several important risk factors
such as body mass index (BMI), family history of CHD, and
C-reactive protein [19-21] for risk prediction. To address
this gap, Hu et al. provided a new CHD prediction model
by incorporating additional risk factors through the novel
synthesis modeling approach [17, 22]. Thus, developing
and validating these methods would enable more robust
and generalizable risk prediction for clinical decision-
making, particularly in contexts of non-communicable
diseases, i.e., stroke, coronary heart disease, and cancer.

However, most existing studies have concentrated on a
narrow range of statistical methods and have been applied
primarily within specific medical domains, such as stroke
and coronary heart disease, limiting their generalizability
to other types of statistical responses. Given the
increasing role of clinical decision-making in public health
practice, it is essential to deepen the understanding of
how commonly used statistical outcomes are applied in
real-world settings, such as time-to-event outcomes. A
thorough understanding of synthesis analysis practices in
public health can help identify existing challenges and
support efforts to improve the reporting and interpretation
of statistical outcomes. Therefore, a scoping review was
conducted to systematically examine how synthesis
methods are currently applied and analyzed in the
literature. Specifically, this research aimed to: (1) identify
existing synthesis analysis methodologies across various
statistical response types, summarize their current
applications, and highlight areas where further research is
needed; and (2) describe how synthesis methods were
applied in clinical practice to estimate risk prediction
models.

2. MATERIALS AND METHODS

This review was conducted per the Preferred
Reporting Items for Systematic Reviews and Meta-
Analyses extension for Scoping Reviews (PRISMA-ScR)
checklist and explanation (https://www.prisma-statement.
org/scoping). The PRISMA-ScR was developed based on
published recommendations by the EQUATOR (Enhancing
the QUAlity and Transparency Of health Research)
Network for reporting guideline development.

The electronic databases PubMed, Google Scholar, and
Scopus were searched. Studies were identified in the
search using the following keywords: “synthesis analysis,”
“meta-analysis,” “linear model,” “logistic model,”
“combining statistical models,” “multivariate model,” and
“prediction model”. These keywords were selected to
incorporate relevant publications through specific terms
like “synthesis analysis,” “multivariate model,” “linear
model,” and “logistic model,” as well as more general
terms such as “prediction model” and “combined
statistical model” to ensure comprehensive literature
extraction.

All eligible studies identified via the “snowballing”

search strategy were included in the review [23]. Studies
were included if they met the following criteria: (1) the
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study was published as a peer-reviewed journal article; (2)
the article presented methodological development and
applied examples of the synthesis method for statistical
outcomes; (3) the publication appeared between 2000 and
2025; (4) the manuscript was written in English.

Exclusion of studies was based on specific eligibility
criteria such as: (1) the article described synthesis
analysis or meta-analysis without providing sufficient
methodological or applied detail for implementation; (2)
the primary objective of the method was not the analysis
of statistical responses. For example, articles with
random-effects meta-analysis or synthesis of correlated
endpoints were excluded [24, 25]; (3) publications
appeared before 2000; (4) the article was not written in
English.

The selected articles were reviewed, and relevant data
were manually extracted using Microsoft Word and
organized into a tabular format. The extracted data
included authors, article title, year of publication, study
aims, methods, outcome measures, findings, and signi-
ficance of the results (Tables S1 and S2). The table
facilitated the identification of methodologies, techniques/
applications, advantages, and disadvantages within the

included studies. The collected details were then
summarized and presented in a narrative format.

3. RESULTS

The initial database search in Google Scholar,
PubMed, and Scopus identified 248 studies as potentially
relevant. After removing duplicates, the screening process
included titles, abstracts, and method sections to further
narrow the search. Of these, only 10 studies published
between 2004 and 2017 addressed methodological and
implementation research across various contexts of
synthesis analysis and were included in this review. A flow
diagram of the study showing the identification of studies
via databases is shown in Fig. (1). The PRISMA checklist is
attached as an additional file (Supplementary Material).

3.1. Methodological Synthesis Analysis

The reviewed studies collectively propose and assess
new methods for synthesizing data from various sources to
develop multivariable models for prediction and risk
assessment. Thus, the methodological studies identified in
this review track the evolution of synthesis analysis, which
combines incomplete or partial information across studies
into coherent multivariable models.
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Early work by Samsa, Hu, and Root [12] introduced a
univariable synthesis method that integrated regression
coefficients, standard deviations, and correlations from
multiple datasets through simulation. This approach was
robust in predicting outcomes but demonstrated limi-
tations in accurately estimating regression coefficients.
Zhou et al. [4] extended synthesis analysis for continuous
outcomes by developing a method that eliminated
normality assumptions, reduced bias, and provided
variance estimation. Their approach was based on solving
systems of linear equations derived from conditional
expectations, combining them into a single, unified
marginal model that describes how all variables relate to
the outcome. Hence, they showed superior mean bias and
mean squared error (MSE) performance in simulation
studies compared to the Samsa-Hu-Root (SHR) method,
particularly under skewed distributions.

Further methodological advancement was made by
Bagos and Liakopoulos [14], who incorporated linkage
disequilibrium (LD) information into a multivariate meta-
analysis of genetic association studies. This allowed for
the computation of within-study covariances and increased
the precision and power of identifying causal variants
across studies. Later, Bagos [15] provided a general
theoretical framework for estimating the covariance of
correlated log-odds ratios from summary data, improving
meta-analytical practice without requiring access to raw
datasets.

Finally, Sheng et al. [16] addressed the methodological
gap in synthesizing logistic regression models with binary
outcomes. This method provided theoretically proven
coefficient estimation, including advantages over earlier
approaches. However, the method demonstrated sensitivity
to distributional assumptions. Simulation studies suggested
that while Hu and Root’s earlier method often outperformed
in prediction under non-normal data, the new logistic-
specific synthesis improved estimation with larger, normally
distributed samples [16].

Collectively, these methodological contributions demon-
strate a progression from univariate synthesis toward
increasingly complex and flexible approaches, covering
continuous and binary outcomes, genetic association
studies, and theoretical covariance estimation. Across
studies, synthesis analysis was consistently shown to
approximate multivariate models built on incomplete data,
with performance varying depending on distributional
assumptions and data context.

3.2. Applied Synthesis Analysis

Applications of synthesis analysis methods across
diverse domains have demonstrated their practical utility
in improving predictive modeling and meta-analytic
synthesis. In 2005, Hu and Root [17] introduced the
synthesis analysis framework for coronary heart disease
(CHD) prediction using multiple longitudinal datasets.
Their approach incorporated univariate regression
coefficients and cross-sectional correlation matrices while
facilitating model development across heterogeneous
sources. This method had greater flexibility and capacity
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for external validation, with discriminatory performance
(AUC loss of only ~0.001). Tang, Caudy, and Taxman [18]
extended this applied focus by proposing a synthesis
method for aggregating results from multiple meta-
analyses. This two-step frequentist procedure is parti-
cularly useful for conflicting or updated evidence bases.
This application allowed conversion of diverse effect sizes
to a common metric and demonstrated effectiveness in
synthesizing both homogeneous and heterogeneous meta-
analytic data.

Hu, Root, and Duncan [22] demonstrated the
application of the synthesis method using NHANES III and
Atherosclerosis Risk in Communities (ARIC) cohort data.
They integrated six additional risk factors, including family
history of CHD (father/brother with CHD before age 60
years or mother/sister before age 65 years), physical
exercise level (lower, equal, or higher compared with
peers), body mass index (kg/mz), serum albumin,
apolipoprotein A, and plasma fibrinogen into the
Framingham Risk Score (FRS) using synthesis analysis to
construct the NEW-CHD model. This model showed
improved discrimination, calibration, and reclassification
with enhanced risk prediction. Similarly, Zhou et al. [26]
expanded the Framingham Stroke Risk Score (FSRS) by
incorporating seven literature-based predictors, e.g.,
African American ethnicity, physical exercise level (low,
moderate, or high based on frequency and intensity of
activity), body mass index (kg/m?®), waist circumference,
height, high-density lipoprotein (HDL) cholesterol, and use
of hormone replacement therapy in postmenopausal
females only. The resulting NEW-STROKE model demon-
strated statistically significant improvements in all
predictive metrics while emphasizing the method’s
strength in augmenting established clinical tools.

Finally, Jackson et al. [27] reviewed the broader use of
multivariate meta-analysis and emphasized its promise in
handling correlated outcomes and improving precision.
Their findings underscored the statistical advantages of
borrowing strength across correlated measures but also
highlighted limitations such as increased assumption
burdens and the need for complete data matrices.

4. DISCUSSION

The purpose of this review is to present an overview of
the published literature on synthesis analysis methods,
summarize their applications, and identify areas requiring
further research. Through a comprehensive examination
of the literature, this review highlights how synthesis
analysis has evolved as both a statistical concept and an
applied tool across diverse research domains. The findings
indicate a scarcity of studies focused specifically on
statistical methodology and a limited amount of research
regarding its implementation in this area.

It is important to note that the term “synthesis” was
not used consistently across the studies included. While
some explicitly described their approach as synthesis
analysis, others described related methods (e.g., multi-
variate meta-analysis) that shared the same goal of
integrating incomplete or heterogeneous information
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across studies. These were included to provide a compre-
hensive overview of developments relevant to synthesis
analysis. Based on the primary contribution of each
article, the findings were distinguished into two parts:
methodological and applied synthesis analysis. Section 3.1
focuses on methodological developments, i.e., studies
whose primary contribution is the theoretical or statistical
formulation of synthesis analysis (e.g., estimation frame-
works, assumptions, simulation performance). In contrast,
Section 3.2 focuses on applied implementations, where
synthesis analysis is used as a tool to enhance real-world
prediction models (e.g., CHD and stroke risk scores).

The methods of synthesis analysis have evolved from
univariable approaches to more advanced multivariable
frameworks that incorporate incomplete or heterogeneous
data from various studies. Advancements in methodology
have enhanced estimation under non-normal distributions
for continuous outcomes, enabled the modeling of
correlated predictors, and improved prediction accuracy
using only summary-level inputs. For binary outcomes, the
methodological framework provided improved perfor-
mance with increased sample size, especially for normally
distributed data. These methodological frameworks
provided real data examples, such as National Health and
Nutrition Examination Survey (NHANES) data, which
enable researchers to derive more accurate estimates of
multivariate model coefficients, in contrast to the less
rigorous approach of using univariate model coefficients
to represent multivariate relationships.

Applied studies have effectively enhanced clinical risk
models, including the Framingham Risk Score and Stroke
Risk Score, showing improvements in discrimination,
calibration, and practical significance. Synthesis analysis
has contributed to significant and wide-ranging benefits
for public health. The method enables the construction of
multivariable risk prediction models without the need for
large-scale primary data collection, which is particularly
valuable in resource-limited settings where conducting
comprehensive longitudinal studies is financially
unfeasible [12]. The use of multiple risk factors within a
single model also strengthens risk stratification across
populations. This improvement helps earlier recognition of
individuals at high risk and supports more efficient
delivery of preventive interventions such as lifestyle
modification programs and pharmacological treatments
[22]. Furthermore, the method allows accumulated
epidemiological evidence to be converted directly into
practical clinical risk tools. This accelerates the
translation of evidence into practice and removes the need
to repeat expensive primary studies [26]. However, a
consistent limitation across all studies is that synthesis
analysis remains confined to continuous and binary
outcomes.

To date, no research has proposed or assessed a
synthesis framework for time-to-event or survival data,
which are essential in medical research and clinical
decision-making [28]. Survival analysis (also called time-
to-event analysis or failure-time analysis) is a set of
statistical procedures that focus on time-to-event data,

with the outcome variable being the time until an event
(e.g., death, disease relapse, or recovery) occurs [29].
Extending synthesis analysis to time-to-event outcomes
would be a valuable and novel meta-analytic approach that
could synthesize information from various public health
studies. Without a synthesis analysis approach for time-to-
event outcomes, valuable information from multiple
incomplete studies remains underutilized, limiting our
ability to provide robust, evidence-based survival
predictions and inform patient care [30].

Future research should prioritize the development of
synthesis methods for time-to-event and other statistical
outcomes, including ordinal and repeated-measures
outcomes. This statistical framework can be applied to
address infectious diseases and undiagnosed health
conditions, including obesity, elevated serum cholesterol
levels, hypertension, dietary and nutritional status, as well
as cardiovascular and cognitive health [31, 32].

Therefore, expanding the statistical scope of synthesis
analysis, alongside improving usability and transparency,
will be critical for broader implementation.

CONCLUSION

This scoping review highlights synthesis analysis as a
promising approach for building multivariate models from
incomplete data sources. While effective for continuous
and binary outcomes, current methods lack support for
time-to-event and other complex responses. Addressing
this gap is crucial for broader application in public health
and clinical decision-making.

AUTHORS’ CONTRIBUTIONS

The authors confirm contribution to the paper as
follows: N.H., R.I.N.: Study conception and design; R.I.N.:
Data collection; R.I.LN., N.H., M.M.H.: Analysis and
interpretation of results; R.I.N.: Draft manuscript. All
authors reviewed the results and approved the final
version of the manuscript.

LIST OF ABBREVIATIONS

BMI = Body mass index

MSE = Mean squared error

SHR = Samsa-Hu-Root method

LD = Linkage disequilibrium

CHD = Coronary heart disease

FRS = Framingham Risk Score

NHANES = National Health and Nutrition Examination

Survey data
ARIC = Atherosclerosis Risk in Communities
CONSENT FOR PUBLICATION
Not applicable.

STANDARDS OF REPORTING
PRISMA guidelines and methodology were followed.



6 The Open Public Health Journal, 2026, Vol. 19

AVAILABILITY OF DATA AND MATERIALS

The data and supporting information are available in
the article.

FUNDING

None.

CONFLICT OF INTEREST

Dr. Nan Hu is the Editorial Advisory Board Member of
The Open Public Health Journal.

ACKNOWLEDGEMENTS
Declared none.

SUPPLEMENTARY MATERIAL

PRISMA checklist

is available as supplementary

material on the publisher’s website along with the
published article.

REFERENCES

(1]

[2]

(8]

[10]

[11]

Glass GV. Meta-analysis at middle age: A personal history. Res
Synth Methods 2015; 6(3): 221-31.
http://dx.doi.org/10.1002/jrsm.1133 PMID: 26355796

Glass G. Primary, secondary, and meta-analysis of research. Educ
Res 1976; 5(10): 3-8.
http://dx.doi.org/10.3102/0013189X005010003

Ahn E, Kang H. Introduction to systematic review and meta-
analysis. Korean ] Anesthesiol 2018; 71(2): 103-12.
http://dx.doi.org/10.4097/kjae.2018.71.2.103 PMID: 29619782
Zhou XH, Hu N, Hu G, Root M. Synthesis analysis of regression
models with a continuous outcome. Stat Med 2009; 28(11):
1620-35.

http://dx.doi.org/10.1002/sim.3563 PMID: 19326397

Greco T, Zangrillo A, Biondi-Zoccai G, Landoni G. Meta-analysis:
Pitfalls and hints. Heart Lung Vessel 2013; 5(4): 219-25.
http://dx.doi.org/10.1016/S0895-4356(00)00242-0
24364016

Allen M. Understanding the practice, application, and limitations
of meta-analysis. Am Behav Sci 2020; 64(1): 74-96.
http://dx.doi.org/10.1177/0002764219859619

Deeks JJ, Higgins JPT, Altman DG, McKenzie JE, Veroniki AA.
Chapter 10: Analysing data and undertaking meta-analyses. In:
Higgins JPT, Thomas J, Chandler J, Cumpston M, Li T, Page M]J,
Eds. Cochrane Handbook for Systematic Reviews of Interventions
Version 65 (updated November 2024). London: Cochrane 2024.
https://training.cochrane.org/handbook/current/chapter-10
(Accessed Jun 9, 2025).

Lajeunesse MJ. Recovering missing or partial data from studies: A
survey of conversions and imputations for meta-analysis. In:
Koricheva ], Gurevitch J, Mengersen K, Eds. Handbook of Meta-
analysis in Ecology and Evolution. Princeton, NJ: Princeton
University Press 2013; pp. 195-206.
http://dx.doi.org/10.23943/princeton/9780691137285.003.0013
Kahale L, Khamis AM, Diab B, et al. Meta-analyses proved
inconsistent in how missing data were handled across their
included primary trials: a methodological survey. Clin Epidemiol
2020; 12: 527-35.

http://dx.doi.org/10.2147/CLEP.S242080 PMID: 32547244

Walker E, Hernandez AV, Kattan MW. Meta-analysis: Its strengths
and limitations. Cleve Clin ] Med 2008; 75(6): 431-9.
http://dx.doi.org/10.3949/ccjm.75.6.431 PMID: 18595551

Card NA, Casper DM. Meta-analysis and quantitative research
synthesis. In: Little TD, Ed. The Oxford Handbook of Quantitative
Methods in Psychology. Oxford, UK: Oxford University Press
2013; Vol. 2: pp. : 1-20.

PMID:

[17]

[18]

[20]

[21]

[26]

[29]

Noon et al.

http://dx.doi.org/10.1093/0xfordhb/9780199934898.013.0030
Samsa G, Hu G, Root M. Combining information from multiple
data sources to create multivariable risk models: illustration and
preliminary assessment of a new method. BioMed Res Int 2005;
2005(2): 113-23.

http://dx.doi.org/10.1155/JBB.2005.113 PMID: 16046816

Wyborn C, Louder E, Harrison J, et al. Understanding the impacts
of research synthesis. Environ Sci Policy 2018; 86: 72-84.
http://dx.doi.org/10.1016/j.envsci.2018.04.013

Bagos PG, Liakopoulos TD. A multipoint method for meta-analysis
of genetic association studies. Genet Epidemiol 2010; 34(7):
702-15.

http://dx.doi.org/10.1002/gepi.20531 PMID: 20853440

Bagos PG. On the covariance of two correlated log-odds ratios.
Stat Med 2012; 31(14): 1418-31.
http://dx.doi.org/10.1002/sim.4474 PMID: 22302419

Sheng E, Zhou XH, Chen H, Hu G, Duncan A. A new synthesis
analysis method for building logistic regression prediction models.
Stat Med 2014; 33(15): 2567-76.
http://dx.doi.org/10.1002/sim.6125 PMID: 24634227

Hu G, Root MM. Building prediction models for coronary heart
disease by synthesizing multiple longitudinal research findings.
Eur J Cardiovasc Prev Rehabil 2005; 12(5): 459-64.
http://dx.doi.org/10.1097/01.hjr.0000173109.14228.71
16210932

Tang LL, Caudy M, Taxman F. A statistical method for
synthesizing meta-analyses. Comput Math Methods Med 2013;
2013: 1-9.

http://dx.doi.org/10.1155/2013/732989 PMID: 24194787

Hackam DG, Anand SS. Emerging risk factors for atherosclerotic
vascular disease: a critical review of the evidence. JAMA 2003;
290(7): 932-40.

http://dx.doi.org/10.1001/jama.290.7.932 PMID: 12928471
Fruchart-Najib J, Baugé E, Niculescu LS, et al. Mechanism of
triglyceride lowering in mice expressing human apolipoprotein
A5. Biochem Biophys Res Commun 2004; 319(2): 397-404.
http://dx.doi.org/10.1016/j.bbrc.2004.05.003 PMID: 15178420
Vasan RS. Biomarkers of cardiovascular disease: molecular basis
and practical considerations. Circulation 2006; 113(19): 2335-62.
http://dx.doi.org/10.1161/CIRCULATIONAHA.104.482570 PMID:
16702488

Root M, Hu G, Duncan A. Adding multiple risk factors improves
Framingham coronary heart disease risk scores. Vasc Health Risk
Manag 2014; 10: 557-62.

http://dx.doi.org/10.2147/VHRM.S69672 PMID: 25228812

Vizor L. Cranfield Libraries: Conducting your literature review:
Snowballing and grey literature. Available from: https://library.
cranfield.ac.uk/literature-review/grey-literature [Accessed:
September 22, 2025].

Riley RD, Abrams KR, Sutton AJ, Lambert PC, Thompson JR.
Bivariate random-effects meta-analysis and the estimation of
between-study correlation. BMC Med Res Methodol 2007; 7(1): 3.
http://dx.doi.org/10.1186/1471-2288-7-3 PMID: 17222330

Riley RD, Thompson JR, Abrams KR. An alternative model for
bivariate random-effects meta-analysis when the within-study
correlations are unknown. Biostatistics 2008; 9(1): 172-86.
http://dx.doi.org/10.1093/biostatistics/kxm023 PMID: 17626226
Zhou XH, Wang X, Duncan A, Hu G, Zheng J. Statistical evaluation
of adding multiple risk factors improves Framingham stroke risk
score. BMC Med Res Methodol 2017; 17(1): 58.
http://dx.doi.org/10.1186/s12874-017-0330-8 PMID: 28410581
Jackson D, Riley R, White IR. Multivariate meta-analysis: Potential
and promise. Stat Med 2011; 30(20): 2481-98.
http://dx.doi.org/10.1002/sim.4172 PMID: 21268052

Todd ], Gepp A, Stern S, Vanstone BJ. Improving decision making
in the management of hospital readmissions using modern
survival analysis techniques. Decis Support Syst 2022; 156:
113747.

http://dx.doi.org/10.1016/j.dss.2022.113747

Clark TG, Bradburn M]J, Love SB, Altman DG. Survival Analysis

PMID:


http://dx.doi.org/10.1002/jrsm.1133
http://www.ncbi.nlm.nih.gov/pubmed/26355796
http://dx.doi.org/10.3102/0013189X005010003
http://dx.doi.org/10.4097/kjae.2018.71.2.103
http://www.ncbi.nlm.nih.gov/pubmed/29619782
http://dx.doi.org/10.1002/sim.3563
http://www.ncbi.nlm.nih.gov/pubmed/19326397
http://dx.doi.org/10.1016/S0895-4356(00)00242-0
http://www.ncbi.nlm.nih.gov/pubmed/24364016
http://dx.doi.org/10.1177/0002764219859619
https://training.cochrane.org/handbook/current/chapter-10
http://dx.doi.org/10.23943/princeton/9780691137285.003.0013
http://dx.doi.org/10.2147/CLEP.S242080
http://www.ncbi.nlm.nih.gov/pubmed/32547244
http://dx.doi.org/10.3949/ccjm.75.6.431
http://www.ncbi.nlm.nih.gov/pubmed/18595551
http://dx.doi.org/10.1093/oxfordhb/9780199934898.013.0030
http://dx.doi.org/10.1155/JBB.2005.113
http://www.ncbi.nlm.nih.gov/pubmed/16046816
http://dx.doi.org/10.1016/j.envsci.2018.04.013
http://dx.doi.org/10.1002/gepi.20531
http://www.ncbi.nlm.nih.gov/pubmed/20853440
http://dx.doi.org/10.1002/sim.4474
http://www.ncbi.nlm.nih.gov/pubmed/22302419
http://dx.doi.org/10.1002/sim.6125
http://www.ncbi.nlm.nih.gov/pubmed/24634227
http://dx.doi.org/10.1097/01.hjr.0000173109.14228.71
http://www.ncbi.nlm.nih.gov/pubmed/16210932
http://dx.doi.org/10.1155/2013/732989
http://www.ncbi.nlm.nih.gov/pubmed/24194787
http://dx.doi.org/10.1001/jama.290.7.932
http://www.ncbi.nlm.nih.gov/pubmed/12928471
http://dx.doi.org/10.1016/j.bbrc.2004.05.003
http://www.ncbi.nlm.nih.gov/pubmed/15178420
http://dx.doi.org/10.1161/CIRCULATIONAHA.104.482570
http://www.ncbi.nlm.nih.gov/pubmed/16702488
http://dx.doi.org/10.2147/VHRM.S69672
http://www.ncbi.nlm.nih.gov/pubmed/25228812
https://library.cranfield.ac.uk/literature-review/grey-literature
https://library.cranfield.ac.uk/literature-review/grey-literature
http://dx.doi.org/10.1186/1471-2288-7-3
http://www.ncbi.nlm.nih.gov/pubmed/17222330
http://dx.doi.org/10.1093/biostatistics/kxm023
http://www.ncbi.nlm.nih.gov/pubmed/17626226
http://dx.doi.org/10.1186/s12874-017-0330-8
http://www.ncbi.nlm.nih.gov/pubmed/28410581
http://dx.doi.org/10.1002/sim.4172
http://www.ncbi.nlm.nih.gov/pubmed/21268052
http://dx.doi.org/10.1016/j.dss.2022.113747

Synthesis Methods for Meta-Analysis

[30]

Part I: Basic concepts and first analyses. Br ] Cancer 2003; 89(2):
232-8.

http://dx.doi.org/10.1038/sj.bjc.6601118 PMID: 12865907

Burke DL, Ensor ], Riley RD. Meta-analysis using individual
participant data: one-stage and two-stage approaches, and why
they may differ. Stat Med 2017; 36(5): 855-75.
http://dx.doi.org/10.1002/sim.7141 PMID: 27747915

[31]

[32]

National Center for Health Statistics. National Health and
Nutrition Examination Survey (NHANES) - Health, United States.
2025. Available from: https://www.cdc.gov/nchs/hus/ sources-
definitions/nhanes.htm [Accessed: September 15, 2025].
Molinsky RL, Shah A, Yuzefpolskaya M, et al. Infection-related
hospitalization and incident heart failure: the Atherosclerosis Risk
in Communities study. ] Am Heart Assoc 2025; 14(3): e033877.
http://dx.doi.org/10.1161/JAHA.123.033877 PMID: 39883116


http://dx.doi.org/10.1038/sj.bjc.6601118
http://www.ncbi.nlm.nih.gov/pubmed/12865907
http://dx.doi.org/10.1002/sim.7141
http://www.ncbi.nlm.nih.gov/pubmed/27747915
https://www.cdc.gov/nchs/hus/sourcesdefinitions/nhanes.html
https://www.cdc.gov/nchs/hus/sourcesdefinitions/nhanes.html
http://dx.doi.org/10.1161/JAHA.123.033877
http://www.ncbi.nlm.nih.gov/pubmed/39883116

	[1. INTRODUCTION]
	1. INTRODUCTION
	2. MATERIALS AND METHODS
	3. RESULTS
	3.1. Methodological Synthesis Analysis
	3.2. Applied Synthesis Analysis

	4. DISCUSSION
	CONCLUSION
	AUTHORS’ CONTRIBUTIONS
	LIST OF ABBREVIATIONS
	CONSENT FOR PUBLICATION
	STANDARDS OF REPORTING
	AVAILABILITY OF DATA AND MATERIALS
	FUNDING
	CONFLICT OF INTEREST
	ACKNOWLEDGEMENTS
	SUPPLEMENTARY MATERIAL
	REFERENCES


